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efficient sentence-level learning. Figure 1. Users upload a signing video and activate “Segment & Search”. The system automatically segments continuous
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System Performance User Study Method User Study: Translation quality & Search Experience & System Usability
Table 1. Segmentation performance across datasets Participants: The study involved Figure 2. System usability and user experience Figure 3. Ir)teraction timeline during
(mean = std). 13 ASL learners with intermediate| | during translation tasks. the translation task.
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